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Index of Concentration at the Extremes (ICE)
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Segregation Across Urban Dimensions
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The Role of Destinations in Urban Segregation
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Take-home Messages

Mobility data plays a key role for defining more dynamic forms of
segregation
Mobility provides a means for overcoming residential inequalities

o inequalities in transport service and the amenity landscape pose

limitations

Digital footprints can unveil differences in mobility patterns for various
demographics

o Distinguishing if differences are due to choice vs. constraint
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